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Research on Evaluation of Language Learning APP Based on Pre—trained
Language Model

ZHENG Mingjian, XU Juan

(College of Information Science, Beijing Language and Culture University, Beijing 100083, China)

Abstact: In the context of the digital transformation of education, mobile learning has become the new norm in digital learning. Language
learning mobile applications (APP) have emerged as crucial tools for second language learners. This paper adheres to an "evidence—based da-
ta" evaluation perspective and attempts to propose an educational APP evaluation technique combining pre—trained language model and big
data mining. The study collects user review data from the top 20 language learning apps on mainstream APP markets, and employs pre—
trained language model to calculate sentiment scores for the review texts. Building upon text information, the paper utilizes techniques such as
topic modeling to analyze learners’ needs and preferences when using language learning apps, aiming to extract multiple indicators for evaluat-
ing the apps. Finally, the study integrates various analytical results to establish an accurate and objective language learning APP evaluation
system. Visualized analysis is conducted on collected review information for selected apps, leveraging the value of pre—trained language model
and data elements to contribute to the scientific governance of digital language teaching resources.
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Fig.1 Technical roadmap of the overall experiment
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Table 1 Performance comparison of models
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