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Abstract: With the development of large multimodal models (LMM) , artificial intelligence has become the core driving force for promoting
new quality productive forces. As the forefront of new intelligent system theory and algorithm applications, the research on quantum brain and
mind inspired computing(QBMC) belongs to interdisciplinary research. The research of QBMC requires the support of interdisciplinary integra-
tion and transdisciplinary education models. This paper provides an overview of the development history of LMM and investigates the research
and teaching issues of QBMC based on the science, technology, engineering, arts, and mathematics (STEAM) model; Under the drive of
LMM, I explored the transdisciplinary integration and transformation of QBMC educational model, and studied the innovation of multidisci-
plinary integration of QBMC research paradigm. The empowerment of LMM in QBMC scientific research innovation and STEAM education re-
form is of great practical significance for researching new generation artificial intelligence and promoting the cultivation of composite talents.
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Fig. 1 Interdisciplinary innovation and research paradigm reconstruction for QBMC-STEAM
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Fig. 2 Research framework for quantum brain and mind inspired computing
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Fig. 3 Interdisciplinary teaching innovation and multidisciplinary integration research paradigm transformation plan for QBMC-STEAM
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